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ABSTRAK
Esteti Sophia Pratiwi, 2017. PENERAPAN GABUNGAN MODEL
VOLATILITAS DAN MARKOV SWITCHING DALAM PENDETEKSIAN
DINI KRISIS KEUANGAN DI INDONESIA BERDASARKAN INDIKATOR
M1, M2 PER CADANGAN DEVISA, DAN M2MULTIPLIER. Fakultas Ma-
tematika dan Ilmu Pengetahuan Alam, Universitas Sebelas Maret.
Indonesia pernah dilanda krisis keuangan pada pertengahan tahun 1997
dan 2008. Krisis keuangan yang terjadi berdampak parah pada perekonomi-
an Indonesia membuat diperlukannya suatu sistem pendeteksian dini krisis
keuangan. Krisis dapat dideteksi berdasarkan beberapa indikator seperti in-
dikator M1, M2 per cadangan devisa, dan M2 multiplier. Ketiga indikator
tersebut dapat mempengaruhi stabilitas nilai tukar dan lebih lanjut dapat
berpengaruh pada stabilitas keuangan sehingga dapat menjadi salah satu pe-
nyebab terjadinya krisis keuangan.
Penelitian ini bertujuan untuk mendeteksi krisis keuangan di Indone-
sia berdasarkan indikator M1, M2 per cadangan devisa, dan M2 multiplier
menggunakan gabungan model volatilitas dan Markov switching. Ketiga in-
dikator tersebut dapat dimodelkan menggunakan model SWARCH dengan
asumsi tiga state yaitu state volatilitas rendah, volatilitas sedang, dan volati-
litas tinggi.
Hasil penelitian menunjukkan bahwa pada indikator M1 dapat dimodel-
kan dengan SWARCH (3; 1), sedangkan indikator M2 per cadangan devisa, dan
M2 multiplier dapat dimodelkan dengan SWARCH (3; 3). Kedua model dapat
mendeteksi krisis pada pertengahan tahun 1997 hingga 1998 dan tahun 2008
berdasarkan nilai smoothed probability. Nilai peramalan smoothed probability
untuk tahun 2017 menunjukkan bahwa Indonesia berada pada kondisi tidak
krisis.




Esteti Sophia Pratiwi, 2017. THE APPLICATION OF COMBINATION
OF VOLATILITY AND MARKOV SWITCHING MODELS IN EARLY
DETECTION OF FINANCIAL CRISIS IN INDONESIA BASED ON M1,
M2 PER FOREIGN EXCHANGE RESERVES, AND M2 MULTIPLIER
INDICATORS. Faculty of Mathematics and Natural Sciences, Sebelas Maret
University.
Indonesia has been hit by the nancial crisis in the middle of 1997
and 2008. The nancial crisis that has occurred gives a severe impact to
the economy of Indonesia resulting the needs for an early detection system
of nancial crisis. Crisis can be detected based on several indicators such
as M1, M2 per foreign exchange reserves, and M2 multiplier. These three
indicators can aect the exchange rate stability and may further aect the
nancial stability so that it can be one of the causes of the nancial crisis.
This research aims to detect the nancial crisis in Indonesia based on
M1, M2 per foreign exchange reserves, and M1 multiplier indicators using the
combination of volatility and Markov switching models. These three indicators
can be modeled using SWARCH model with three states assumptions which
are low volatility state, medium volatiliity state, and high volatility state.
The results of this research are that M1 can be modeled by SWARCH(3,1),
while M2 per foreign exchange reserves and M2 multiplier can be modeled by
SWARCH(3,2). Those two models can detect the nancial crisis in the middle
of 1997 until 1998 and 2008 based on smoothed probability values. Prediction
of smoothed probability values for 2017 show that Indonesia is in the stable
situation.




"No matter what you are going through, there is a light at the
end of the tunnel and it may seem hard to get it but you can do
it and just keep working towards it and you will nd the positive
side of things."
(Demi Lovato)
"You see, God helps only people who work hard. That principle
is very clear."
(A. P. J. Abdul Kalam)
"Sesungguhnya sesudah kesulitan itu ada kemudahan."
(QS. Al-Insyirah : 6)
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